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Table 1: Descriptive statistics of Seer fish and Black pomfret fish price
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Table 5: Estimation of Artificial Neural Network Models for seer fish and black pomfret fish Data.
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Table 6: Forecasting results in different time horizons based on study models.
olo)Y oled olof olo¥ olo) Jow
MAE RMSE MAE RMSE MAE RMSE MAE RMSE MAE RMSE
o plo
ARV ARG AR A ART4 FARR A ARRYS <[+ AFA «/+444  +/-Y)Y  -/-Y-)  ARIMA
IRV ¢4 ARYIVA <[+ AVO AR A1 «[+0F ARTA1 <N\YYS AR A 1 SRR A YA\ SR A RN ANN
<[+ AFY IARY\ SERNRYRVN {NRRYARY o SENNEYARRL SNEYARVY EENEVAL VA\ZNRYAR o C UNNRYATRE & SRNRVARS & S 51V 1415
ol Igl> ol
ZALZSINRYANATENEYAYS & SRNRVARY A SRRNEVAR 7N SRRRYANA CUNNERVATN CANNRTAVL SENNRYAR A NRRVAR AL W[ VI
<IAYEA SINOOA YTV SNOPE ATV CNBAY YN SNOYA L SAYYE L S/AYYE ANN
<I\YOF SNV CAYYY CNOYY SAYYe S AEEY S AYYY G AFAY o APYA c/VPYR Hybrid

&

5130 Gt wosls (n aal) Gog > B3
50 obol e ol cad 13 lagse LSy s
o oy e glmools aSal oy L aslllas
Ol Jyame 93 (lgie 4 olows gl ole 5 5l ole
ool anleiood ons (> 681l plnl oo

V¥4

-
OVgame Caad (gt (3aios ol plxil 51 Gaa
OreS g B it b glpl osi bl s OO
by, el 0og Gloj (g Sledoe aliwgy Ua>
OB B b (Gloj (s (o (rslal 5 o)l


https://dor.isc.ac/dor/20.1001.1.10261354.1399.29.1.15.3
http://isfj.ir/article-1-2291-fa.html

[ Downloaded from isfj.ir on 2025-12-24 ]

[ DOR: 20.1001.1.10261354.1399.29.1.15.3 ]

st 0l oY geane SO S 59 el Sl

Q‘)ls.a.éj (§dao

Copde 5o o lplesls )Ken L L 005
Sl slaools g5l olaidl ylulis,ls 5 oL
2l 5lg sl ez yatans sl 4 SOLs Cad e
5 opiin wiz gy 5y wibe uiwoladl sla g,
ol ced B Gmote slr bl Ui,

Sged oolaiul

&bw

(LT i il 0 9.0 <001 Sl £ )L | (g 5]
L oolp! sl,ys alple cw i IVAY oz
(Egean gk g i Slaidl gla g, sl eolaiul
VoA ¥ g5 alaS slamdl Sliiss aloe

A (Pl ooleo g e pole (52
2 e sl b mslatdl oo L)
5 Bl sy dolinlogs) golazdl o .closly,
VooV OV 10 4 $) VY (olazil clomln

TPt PN SRS TP SRRNENIS
S o YA Gz ool pls sl g 0
sldoe 08 1ol 650 SYsaxe Olysls
5 Sypglasolatdl . eoias (srac &b 5 (S S
VWAV (OVA) VY dnass

o Hlpl S AYAY G (ulbe 9 .8 (S
(Scombromoros ,.i als aes ;o ool 03y I
by > 25855 slayg » wSL Lcommerson)
bzl 5 Gl bl ol sleal —ples
DO AfAYY ((F) YV ol pl odlss cole alxo
10.22092/I1SFJ.2018.117174

o YA G Bolo 9.7 () Caw plos
Ohoy 3l ekl b glnl e by olpl g
Sliiod alrs . (gotas orae st 5 ARIMA
VEEVED (Y A g5l ol

caSes oLl oS5l IPAS ) (Maw Sliss
5 &1 ollesl MATLAB s csias ac
W ool oyt

Aot St (2 She g S 095 (S
Al oolaiwl coS 5 e g Sloj adBg b Loran omac
OO b B8 G (nl il Jel s bl
5 SO I3 Jod Syee Jpazme 93 p Sl
Slaye 5:Sbos jedome lojlne Geb 4T 0l cnmline
s 45 sl Glhe Sl 5 s
@2l Sed (St 5 Silessl )0 (oS 5 g (eoras
ol adls s Joe 4 o e 0 Sles
o b Jho 53 8 e oS5 S (izmon
ol lol> (oolo Caad (im0 b g (eobas
sleadl b amls pl ols lid 05 51 (e o, Sles
5 &bl e VYA o Kan 5 D> ((1YAY)
5 Duan «Y-\A) Bloznelis ((\YAA) ool; S>o8
s Wang «(Y+1\V) oK ¢ XiONg (Y- 1Y) o, Ken
s Li «Y-\Y) Senna 4 Pinheiro «(Y-\V) ,Kea
Casllas (Y++V) Lo g Z0OU 4 (Y:V0) o,
(Y-\V) ,5ee 5 Rusiman slaasl L 4 asls
il b o et alols mls b o lw Cdlas
3, as (oo VY 4y olo V 5D cmien by Suw Job
ool a8l 508 e a8l 00,50 il s & S S Jow
slagdl Gt @ 5l g Ssead Glagn 4l
Ol 50 eSS Joe IS Cend Ol 3 ol e

Ll dals (6 9,8 s yaely g5
oalis Wy, wald lpl g5,5leS a5 ol as o
5 Sile 6,18 4 05,9 Byh o g yeiS IS Anng
33,8 oo Sy el 093 Y game 00 plS Ol jols
a0 O Cd ST Ol 51 a6 ol 4 a5 L
‘Qlol.:..a (_glﬁ )|)‘l;. 5o o..\.uSu...uu J.el.c S5 Q‘j.z.c
5 e oLl il GBS ole (FunS G pae
Gl ol Sloj (om0 ceslio sloig, Sl s )5S
Obpl Ced St lr 55 L bt (s
sbadlse Lo 5l il Ceod adlge Sgas ool
Er ey slaanya g Gl )l 25 wile goladd]

VO


https://dor.isc.ac/dor/20.1001.1.10261354.1399.29.1.15.3
http://isfj.ir/article-1-2291-fa.html

[ Downloaded from isfj.ir on 2025-12-24 ]

[ DOR: 20.1001.1.10261354.1399.29.1.15.3 ]

\b)L@i/ﬁ‘gc%JL.u

Ol @Ml gale dlae

Wang, L., 2017. Forecasting model and
validation for aquatic product price based
on time series GA-SVR. Transactions of
the Chinese Society of Agricultural

Engineering, 33(1), 308-314.
D0i:10.11975/j.issn.1002-
6819.2017.01.042

Jha, G. K. and Sinha, K., 2013. agricultural
price forecasting using neural network
model: an innovative information delivery
system. Agricultural Economics Research
Review, 26(2). 229-239

Khashei, M., Bijari, M. and Ardali, G.A.R.,
2009. Improvement of auto-regressive
integrated moving average models using
fuzzy logic and artificial neural networks
(ANNS). Neurocomputing, 72(4-6),  956-
967. Doi: 10.1016/j.neucom.2008.04.017

Khashei, M. and Bijari, M., 2011. A novel
hybridization of artificial neural networks
and ARIMA models for time series
forecasting. Applied Soft Computing, 11,
2664-2675.
DOI:10.1016/j.as0¢.2010.10.015

Kim, H.J. and Shin, K.S., 2007. A hybrid
approach based on neural networks and
genetic algorithms for detecting temporal
patterns in stock markets. Applied Soft
Computing, 7(2), 569-576. Doi:
10.1016/j.as0c.2006.03.004

Li, G.Q., Xu, S.W. and Li, Z.M., 2010. Short-
term price forecasting for agro-products
using artificial neural networks. Agriculture
and Agricultural Science Procedia, 1, 278-
287. Doi: 10.1016/j.aaspro.2010.09.035.

VO

[D).o.slin Ayay “ly o9 axld 00 JoRS g .p 6@‘9‘)&&
sl plale ik asl> ol 315 cwd Jlal
FY-YO () YY . solaidl pole acbilad .ol ul g
Ol Jled (SByn 9 @by ool Ll o
YYo=V :(F) 55,0l slaisl wlabss
Srac w4 Ced Ot axh) Ghgmsils
AN-VA: () YV ) ods sele alxe .QL,.J'.J
DOI: 10.22092/1SFJ.2019.118325

eGlnl Ol lojlw ax0g) g (32 a0l p Cdglao
SIYVA ol ods lbsle )bl aeldls YA
Olpl el ool ml adles lejles ATAR

eoln!l Ol lojle az0g) g (53 a0l Cdglee
SVWAY Gl odls olesla 6)LJ awldls AYaf
Olpl el oolml Odes lejle AYAF

AYAN (w00l S5 9 .2 “_gol.g.i).&.g gs?‘)‘er“
SogliS ¥gaxe Slole mie 5 @iledas

‘5.._5); Jd.n AYad . “so}{.é 9 S « SO Sawee
g 4z ARIMA 58l | e oS
Olrl 02 Gk Bras poesgl 5yl ol
Glasl dzwgd o aly) goladl slpinghy dollad
VP -44 Y
Sy N0V ojled ol IS5 bty
Wee - olnl olid Sl sl lisiors

Sl o Lol IFAB .y - log i 31 e silos
(st ol,lesl . Matlab 3 Eviews 1 eslazl b
VF-V0 P .Q‘ﬁl ‘Q‘)-QS

Bloznelis, D., 2018. Short-term salmon price
forecasting. Journal of Forecasting, 37(2),
151-169. D0i:10.1002/for.2482

Duan, Q., Zhang, L., Wei, F., Xiao, X. and


https://dor.isc.ac/dor/20.1001.1.10261354.1399.29.1.15.3
http://isfj.ir/article-1-2291-fa.html

[ Downloaded from isfj.ir on 2025-12-24 ]

[ DOR: 20.1001.1.10261354.1399.29.1.15.3 ]

‘:JL)‘SA.AJ (§dano

McLeod, A.l. and Li, W.K., 1983. Diagnostic
checking ARMA time series models using
squared residual autocorrelations. Journal
of Time Series Analysis, 4: 269-273. Doi:
10.1111/j.1467-9892.1983.tb00373.x

Merino, G., Barange, M., Blanchard, J. L.,
Harle, J., Holmes, R., Allen, I. and
Jennings, S., 2012. Can marine fisheries
and aquaculture meet fish demand from a
growing human population in a changing
climate?. Global Environmental Change,
22(4), 795-806. Doi:
10.1016/j.gloenvcha.2012.03.003

Natale, F., Hofherr, J., Fiore, G., and
Virtanen, J., 2013. Interactions between
aquaculture and fisheries. Marine Policy,
38, 205-213. Doi:
10.1016/j.marpol.2012.05.037

Pinheiro, C.A.O. and Senna, V.D., 2017.
Multivariate analysis and neural networks
application to price forecasting in the
Brazilian agricultural market. Ciéncia
Rural, 47(1). D0i:10.1590/0103-
8478cr20160077

Rusiman, M.S., Hau, O.C., Abdullah, A.W.,
Sufahani, S.F. and Azmi, N.A., 2017. An
analysis of time series for the prediction of
Barramundi  (Ikan  Siakap) price in
Malaysia. Far East Journal of
Mathematical Sciences, 102(9), 2081-2093.
D0i:10.17654/MS102092081

Taskaya-Temizel, T. and Casey, M.C., 2005.
A comparative study of autoregressive

neural network hybrids. Neural

Networks, 18(5-6), 781-789.
Do0i:10.1016/j.neunet.2005.06.003

Troell, M., Naylor, R.L., Metian, M.,
Beveridge, M., Tyedmers, P.H., Folke, C.
and Gren, A., 2014. Does aquaculture add
resilience to the global food system?.
Proceedings of the National Academy of
Sciences, 111(37), 13257-13263.
D0i:10.1073/pnas.1404067111

Tseng, F.M., Yu, H.C. and Tzeng, G.H.,
2002. Combining neural network model
with  seasonal time series ARIMA
model. Technological  forecasting and
social change, 69(1), 71-87.
D0i:10.1016/S0040-1625(00)00113-X

Wang, D., Yue, C., Wei, S. and Lv, J., 2017.
Performance analysis of four
decomposition-ensemble models for one-
day-ahead agricultural commodity futures
price forecasting. Algorithms, 10(3), 108.
D0i:10.3390/a10030108

Xiong T., Li Ch. and Bao Y., 2017. An
improved EEMD-based hybrid approach
for the short-term forecasting of hog price
in China. Agric. Econ. — Czech, 63: 136-
148. D0i:10.17221/268/2015-
AGRICECON

Zou, H.F. Xi, G.P. Yang, F.T. and Wang,
H.Y., 2007. An investigation and
comparison of artificial neural network and
time series models for Chinese food grain
price forecasting. Neurocomputing. 70:
2913-2923.
D0i:10.1016/j.neucom.2007.01.009

\OY


https://dor.isc.ac/dor/20.1001.1.10261354.1399.29.1.15.3
http://isfj.ir/article-1-2291-fa.html

[ Downloaded from isfj.ir on 2025-12-24 ]

[ DOR: 20.1001.1.10261354.1399.29.1.15.3 ]

Iranian Scientific Fisheries Journal Vol.29, No.1

Forecasting the price of two species of fishery products in southern of Iran with
emphasis on new econometric methods

Mohammadi M.Y"; Yazdani S.% Yavari Gh.R.}; Mehr Ara M.}
*as.mohsen.mohammadi@gmail.com

1- Department of Agricultural Economics and Management, Payame Noor University (PNU),
Tehran, Iran

2- Department of Agricultural Economics, Faculty of Agricultural Economics and
Development, University of Tehran, Karaj, Iran

3- Department of Economics, Faculty of Economics, University of Tehran, Iran

Abstract

As one of the sub-sectors of agriculture and natural resources, Iranian fisheries has a
significant contribution in the economy of the country. Recently, planning and investment in
the fisheries sector have been difficult duo to the sharp fluctuations in price of products. This
paper aims at determine and choosing the most appropriate fishery product price prediction
model using autoregressive integrated moving average, time-delayed artificial neural network
and combined pattern of the two above-mentioned methods. The data used in this research is
related to the wholesale price of two products of the fishery (Seer fish and Black Pomfret
fish), from April 2001 to September 2018. It was found that the ARIMA model showed a
weak performance in predicting the price of both products in comparison with the artificial
neural network method. And also, the hybrid method was more effective in forecasting the
price of products than the other two methods. In conclusion, it is necessary to use nonlinear
methods to forecast the prices of fishery products. Also, hybrid model can be used in long-
term planning due to improved performance prediction with increasing forecast horizon.
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